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Twitter, like many other social media platforms, has become an increasingly important medium in which political discourse occurs. This is never more present than in the elec-
tion cycle. In the United States election cycles have become points of social tension with social media as the arena in which many political debates rage, commentary arises and
is shared. AL . ~

Many studies have shown that politics and government in America have become increasingly polarized over the past few decades, but can the same be said for political dis-
course among citizens? States are large geographic entities, often with diverse political interests. Can these political differences be represented and this regional diversity cate-

i . 1 . gorized? With the rise of social media and natural language processing, we have a way to record, measure and quantify tone of conversation between people across the world.
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