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A significant body of literature has explored the increasing
use of citizen participation in planning and policy making
(Bratt and Reardon 2013; Bryson et al. 2013; Cooper 1979),
exploring the effectiveness and varieties participatory
processes (Fung 2006), providing recommendations for
process designs aimed at improving participation in planning
and policy making (Bryson et al. 2013; Fung 2003). Some
literature has explored the concept of community capacity,
suggesting that it is an important measure of how a
community is able to control its own destiny and shape the
policy and planning decisions that affect it (Chaskin 2001;
Perkins et al. 1996). Though there is disagreement on what
dimensions make up community capacity, participation is
consistently mentioned, as well as neighborhood
relationships, sense of community, and access to resources
(Chaskin 2001; Perkins et a. 1996; Piscopo, et al. 2017).
Using data from the Boston Neighborhood Survey (BNS), the
2010 Census, and the 2016 ACS, this project aims to create a
Community Capacity Score that can be used to identify
neighborhood capacity to exert community control, and
additionally explore how race may relate.

The resulting community capacity scores indicate that there are significant differences among neighborhoods. The
neighborhoods of Roxbury and Dorchester, as well as a portion or Mattapan, East Boston, and Allston/Brighton all have census
tracts with low Community Capacity Scores. West Roxbury, the Dorchester neighborhood of Pope Hill/Neponset, South Boston,
Beacon Hill, and Jamaica Plain all have high Community Capacity Scores. These results are unsurprising when compared to the
variable maps below, where those neighborhoods are in the highest classification for all but the number of children in public
school. The OLS regression indicates that as Community Capacity Scores are negatively correlated with non-white population.
Though the R-squared value is relatively low, the results are statistically significant: as non-white population increases, a
neighborhood’s community capacity decreases. Therefore, it is possible to conclude that capacity differences in Boston negatively
impact communities of color more than other demographics. This is unsurprising, considering that Boston has long had
significant wealth, income, and social disparities between its white residents and non-white residents.

Because Community Capacity has largely been written about
theoretically, the existing empirical analyses are based on
survey data and intensive community asset mapping. Of the
few studies that have attempted to identify statistical
correlations between participation, community capacity, or
sense of community, predictive variables have been largely
different across results and geographies. As a result,
selection of variables for this project was largely unscientific.
This is likely to have affected the results of this project.
Further empirical analysis of Boston Neighborhoods,
including intensive asset mapping, would help address this
limitation. In addition, the standardization of BNS variables
and the classification of both BNS and demographic variables
may have skewed the data away from significant outliers.
Because the Community Capacity Score is cumulative, this is
likely to have affected the final score. Regardless, it is unclear
whether other studies have attempted to analyze community
capacity spatially, so it is understandable that this project
experienced such limitation.
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Methodology

In order to create a Community Capacity Score, I identified
variables in the literature, such as feelings of neighborhood
safety, level of education, relationships in the neighborhood,
human and social capital, etc., and ranked them by their
frequency of appearance. I then selected corresponding
variables in the BNS, the US Census, and the American
Community Survey. Because these variables were not scaled
similarly, they were reclassified using Excel in two ways. BNS
survey variables were standardized and classified on a scale of
1-6 based on their distribution. Demographic variables were
reclassified on a scale of 1-5 by their percentage quintiles. I
then created survey and demographic scores by summing the
results of each variable’s classification. In order to prevent
demographic data from significantly influencing the final
Capacity Score, I weighted the summed survey variables at
75% and the summed demographic data was weighted at
25%. Summing the resulting weighted variables produced
the final score. To explore the relationship between the final
Community Capacity Score and non-white population, I ran
an Ordinary Least Squares regression in ArcMap.
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